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Abstract

This paper assesses the stability of cohort efféctsuicide rates age-period-cohort
comparative analyses. Despite improvements in tA€ Anethodology (Yang and al), two
problems remain. The first one is the problem édrr versus fluctuant components of APC
effects. No method can disentangle the linear compts; anyway, the “detrended”
fluctuations can be identified in an APCD modele Becond problem relates to the durability
of cohort effects over life course that can beegifpermanent or temporary: an APC-H a test
“hysteresis” model is proposed. The suicide ratesixteen WHO countries (periods 1970-
1974 to 2005-2009 / ages 20-24 to 60-64) show iversity of cohort dynamics. The models
detect contrasted regimes of suicidity: for examplaland and the Austria are more cohort-
flat but Spain, Italy, Australia and the U.S. appatly show deep contrasts between cohort-
specific suicide rates. Anyway, these cohort flatituns are not stable over life course in
Spain and in Australia (resilience) but are cleargmaining strong over life course in the

U.S. and in Italy (hysteresis).
Introduction

Suicide and cohort socialization: suicide is uned here as a symptom of the potentially
anomic consequences of an adverse context of gatiah (Durkheim 1893,
Halbwachs1930), scarcity of resource and less abjeysocial positions, material poverty
and psychological consequences of relative depoivatlestabilization of models of

socialization or of life perspectives.




On a substantial aspect of this work, we are isterkin the degree to which suicide reflects
social collective trauma in the way that birth cdldvave been socialized. Like many
research in birth cohort, the implicit model is &@&®n the hypothesis that early adulthood
advert experience can have long term negative itrgrathe wellbeing of the pertaining

cohorts.

In a very French expression, we call dyssocialirhthe gap between the social expectations
stabilized in early adulthood and the socioeconarpjortunities met in real life. Indeed,
since Durkheim (1893) and Halbwachs (1930), and é¥erton (1938) and his scheme of

social anomie, we have known the dangers of thps ga
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Today’s generational transmission problem coulded®mm a lack of correspondence
between the values and ideas that the new sociarggon conceives and the realities it will
really face. All the social generations of thé"2@ntury experienced that lack of

correspondence between aspirations and achievetherdgarly baby-boom generations were

! The distinction between dissocialization and dgisization is essential (in Latin, the prefix diseans “lack
of”, whereas in Greek, dys- means “bad”, “diffi¢udtr “not appropriate”).




socialized in the context of their parents’ val(ssarcity, abnegation, submission to a society
where work remain the central issue, lack of le¥linked to the social history of the hard
times of the thirties and after, but they finalkperienced theTrente glorieuséand the

period of fast growth that offered them comforf|luence and opportunities for emancipation

and leisure. But in this sense, dyssocialisatiaroisso problematic.

The gap could be more difficult for the current gglgenerations experiencing shrinking
opportunities. Apparently, the new generation bigmé&bom longer educational careers and
higher academic qualifications than its own pareids but the intense devaluation in social
and economic terms of their improved educationséisscould provoke a cruel confrontation
with reality (i.e. “lost illusions”). The psychosat difficulties of the new generation (notably,
violent behavior, incivilities of any kind, suicidetc.) could be immediately linked to the gap
between what young people suppose they deservep&rong their parents’ and their own
education and social position) and what they ake tmbachieve (Chauvel, 1997). It is difficult
to know the exact process, and the previous pgvhagrare conjectural, but we detect strong
cohort effects in some countries, where durabledetpecific suicidal behavior are

observed.

In this paper, we do not focus on the causal psyda# on the stabilization of a diagnosis in
terms of cohort effects. In this APC tradition tele some difficulties: linear trends versus
fluctuations. Durability (hysteresis) of the progethat could go with cumulative
(dis)advantage in many countries, versus balanceropensatory effects or even a “cohort
inversion” (Hobcraft et al. 1982); we can call ‘itesice” this effect declining pertinence of

cohort.

Logged relative (yearly means=0) suicide rates inofir contrasted countries (upleft:

Spain; upright: New Zealand; downleft: Sweden; downight: the U.S.)
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Two difficulties of APC

The difficulty number one is the role of long telimear trends identification in Age Period
Cohort models. The extraction of the linear pataerhage-period-cohort remains unclear and
the APC-IE intrinsic estimator (Yang et al. 2008jldhe ensuing debate (O’'Brien 2011) is an
example of these difficulties. If the identificatiof age, period and cohort nonlinearities (or
bumps) is not an issue, the linear trends obtaieethe apc process generally do not contain
meaningful information. So we must focus on flutimr@s above and below the trend, and not
on the linear dimension of the problem. The dabnitof a “detrended” cohort effect (over or

below the linear trend) is the one solution in ortdedefine the specificity of cohort behavior.

The difficulty number 2 is the stability of a cobheffect over life course. The issue of cohort
effect stability over life course is generally hyipesized and not tested: are cohort
fluctuations durable or temporary? We can exantieeeskample of New Zealand and suicide:

cohorts with a relatively very low degree of suityicht age 25 could face inversion at age 55,




conversely, some cohorts with high suicidity whemryg catch up with the trend later.
Generally speaking we detect countries with stablert effects over life course (where the
same birth cohorts are on the top or on the botibthe suicidity waves) and others where

strong youth suicidity does not go with higher sisk these cohorts at later age.

The general problem with usual APC models is they suppose the durability of the cohort
effect and in reality they are not designed to tieisthypothesis. Is aging a cure against cohort

trauma or do they let definitive scars?

In reality, cohort effects could increase or desecaver life-span, and APC-D (APC-
Detrended) delivers “average” cohort effect ovier tiourse, not a diagnosis on its stability.

The APC-H “hysteresis” model proposes a solutiothi® second problem.

Methods: Expression of the models

This contribution includes two steps/mod&&C-Detrended The first one is a clarification

of the usual APC model and focuses on the non4liceaort effects when the linear trend is
absorbed (APC-detrended coefficients or APGEPRC-HysteresisThe second step addresses
the question of cohort effects stability over Ifean: the detected cohort non-linearity can be
either a) durablehfysteresiy b) specific moment in the early life of cohoftssilience), or c)
conversely a specific cohort trait that increaseel age (after a process of cumulative
advantages/disadvantages)? A second model (APGiegst, APCH) is designed in order to

assess the general degree of hysteresis of cdfents

In this paper | process on the data a Poissonithegul specification that matches with the

modelling of suicide counts on subgroups of poportet at risk defined notably by their age,

2 Both APCD and APCH has been developed as STATA emlnmands that can be
downloaded with the usual ssc install apcd andrstall apch orders. Since they are based on




period, cohort, etc. However, | provide here an Qtfpture and specification of the model

(below the logged suicide rates is supposed to®Gaussian distribution).

Following the usual notation of the APC accountimgdels (Yang et al., 2008), the
dependant variable is the natural logarithm ofsineide rate log(k) in the cell of age
from 1 to a, | period from 1 to p, and thus of th8 &ohort from 1 to a+p-1 where k=j-i+a.
The term log(ji) can be expressed as log(thj) where gk is the number of deaths by

suicide in the cell, jp is the population at risk.
The general APC model is: log(y = log(di /nijx)= K + i + B + vk (1)

where the coefficients and vectors denote the aoh§t), and respectively the age effect
vector @), the period§;), and the cohort effectgif. This expression (1) gives the principle
but lacks precision before its identificatfoiThe strategy of the APCD is to absorb the linear
trends of time(s) in order to retain the detren(®&dpe=0) vectors for cohort, period and age.
To do so, two terms able to fit the time coefficgeare introducedipgRescale(i) and
yoRescale(k), where Rescale is the linear operatarttansforms the indexi=1toain -1 to
+1. The interest of this type of standardizatiotl appear in the step of the APCH model.
The coefficientsiy andy, will retain the linear trends of the APC that canbe attributed in

the general case to such or such time of age periodhort.

Additional constraints are thus required in oraesdlve the “identification problem”. At first,
after Wilmoth (xxx) and Caselli (xxx), simple corahts such a&a;=%[3;=Xyi=0 offer
centred coefficients. We add three constraints &tgp= Slopef;) = Slope) = 0, where

Slope is the linear function that gives the linglape of the pertaining coefficients, so that the

the STATA glm general linear model, they can hamalidinary least square (OLS), logit,
Poisson loglinear specifications, notably.

®In the tradition of the Yang et al. Intrisic EstitmaAPC model, the identification problem is
solved with the help of a principal component asalyf the three time variables age, period
and cohort.




ai, Bjandyx are detrendédAt last, the first (k=1) and the last (k= a+pebhorts are excluded

from the estimation in order to improve the confide intervals of the parameters.

The APC-D Methodology

Here is an extract of another Working Paper:

CHAUVEL L., SCHRODER M. INEQUALITY BETWEEN BIRTH OHORTS OF THE 20TH CENTURY
IN WEST GERMANY, FRANCE AND THE US)

The APC-IE (intrinsic estimator) of Yang Yang et &008) provides another solution, in which the

indetermination problem is solved by a Principah@onent Analysis of the age, period and cohortoredhat
reduces the linear trend of the three variablesnodé (age, period and cohort) to two dimensionsngrat al.
claim that this yields the intrinsic linear influsnof each variable. However, O’Brien (2011) shdtived theirs is
an arbitrary choice, which fails to deliver subsitamlinear time trends. It therefore also failspéncal tests. For
example, the APC-IE model detects strongly dedjjréducational levels by age (not shown here, LEaStode
can be provided upon request or uploaded into amxd@nwhich is impossible, since educational leeks kept
for life (one cannot lose a primary, secondaryestidry education). Separate tests of the APC-I& ather
specifications have shown that linear trends amheremeaningfully nor robustly measurable, butfuations
aroundlinear age, period and cohort trends can be ewan@bustly. We therefore propose to use a mdd!
focuses on non-linear cohort effects, which becamible after linear trends are absorbed. Thishes APC-
Detrended (APCD) model, which can be downloaded &tata ado filé.lt is based on the STATA GLN
Geneéal Linear Model with constraints specificatidhcan handle OLS Logit and Poisson models, am
others.

The APCD model acknowledges that linear trendsRCAnodels cannot be robustly attributed — it isdagible
to know whether they stem from a cohort, or fromame plus period effect. Therefore, the model fest
exclusively on fluctuations of the effects of ageriod and cohort around their respective lineandr Thus, it
absorbs linear trends to focus accelerations and deceleratiomsage, period and cohort trends. Following
usual notation of APC models and OLS expressiomscansider a dependent variabi"ém)(see above)and th
independent variables age a, period p, and thusrcoiembership ¢, where c=p-a, plus controls. Tavioe
accurate controls, we consider j covariatgs(which can be continuous or dummy variables). udiig
constraints, the model has the following expression

Yy =a, +m, +y, +a,rescalda) + yrescaléc) + B, + > B, X, +¢&;

]
p=c+a

DD AEDWALY
a p c

Slope (a,) = Slopg, (77,) = Slop&(y.) =0

min(c) < ¢ < max(c)

Bo denotes the constarfy; are the coefficients of control variables, is the age effect vectory, is the period
vector andy, is the cohort vector. These vectors exclusiveflece the non-linear effect of age, period an
cohort, because we assign two sets of constradath vector sums up to zero and the slope of eactorvis
zero! The termsogRescale(a) andyRescale(c) absorb the linear trends; Rescale isarssformation tha
standardizes the coefficierdg andyy: it transforms age from the initial codg;ao a,.to the interval -1 to +1

Finally, since the first and the last cohorts appast once in the model (they are the oldest agamof the first
period and the youngest age group of the last @eribeir coefficients are less stable; we obtaitidy estimates

(APCD)

—
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when they are excluded. With this set of constsaithe model becomes identifiable; it provides &uea

* Slope()=0 if and only if Z [(2i - 1 - a)a;] =0
®> The APCD can be downloaded as a Stata ado fitggigg “ssc install apcd” in Stata.

® Since APCD, like APC-IE, is based on a constraigederal linear model procedure, it allows any kirid
standard specification, including Ordinary Leastu&gs, Log, Logit or Poisson models; it also allows

introducing control variables that could mediatba effects (gender, education, occupation, etc.)
" The constraint Slog)=0 means the trend of the age effect is zero anmlui only if 2, [(2a - G -
anay O] = 0. This constraint is easily expressed asealirequation of coefficients.




solution. We focus first on the detrended cohdfieatf(DCE) coefficients, that deliver the main diagnosis |n
terms of cohort. These coefficientsare all zero when cohort effects are absent.addbds behave according
to their age and period characteristics, with ntiotbspecific behavior. In this case, APCD provides
improvement compared to the age and period mode) {Bat consists of:
y* =a, +m, +a,rescalda) + r,rescalé p) + 4, +Z BiX; +¢&

j

Za:a’a=zp:ﬂp=0 (AP)

Slope (a,) = Slope, (77,) =0
min(c) < ¢ < max(c)

<

If at least oney, coefficient is significantly different from zercotvever, this indicates that some cohorts fare
above or below the linear trend, having a spebiibavior that cannot be reduced to a simple linearbination
of age and period. In this case the AP model issoéficient, as some cohorts received more or tlean their
expected share after period resources have beteibalied in accordance to stable age structuremp@oing the
BIC (cf. Raftery 1986) of the two (AP) and (APCDpdels offers another criterion for or against theusion
of cohort effects.

As disposable income is our dependent variableethee substantive reasons to focus on deviatimm &

linear trend. For example, when disposable incomeeease by a rate of 1 percent per year, and tohor

disposable incomes also increase by 1 percentgsa, pur model would detect no cohort effect. Andeied
there is no cohort effect in the sense that eatlortqrofits from the same linear trend in the samagy. A
second substantive reason to look at deviations froear trends is that expectations about disgdesabomes
conceivably adapt to a linear trend. No one is ssed if the living standards of one cohort afteother

increase with the general trend in living stand&rds

The APCD provides a diagnosis in terms of relaiivercohort differences: did a certain cohort reeeits
relative share of period variations? However, @lso legitimate to ask about absolute progressmrexample,
even if the latest cohorts face a relative slow wlothey might enjoy better positions in absolutame
(compared to the fate at the same age of formeorte)h For example, one cohort might be below tead of
increasing disposable income relative to the priegedne, but when a positive trend is stronger tharegative
cohort effect, the later cohort’s living standamaktstill increased. That is, if incomes grow bye2cent, and a
later cohort has 1.5 percent higher disposableniesy it is below the trend but still better-off nhtae preceding
cohort. Contrary to this, when a negative cohoféctfis stronger than the positive linear effebg absolute
living standard of a later cohort decreases. Wttike APCD thus measures relative deprivation (cahodt
receiving the same share of economic growth), vesl ramother model to measure absolute deprivatimmoft-
based decreases in disposable income).

Under these specifications, APCD is a bump detegftsuicide, after the suppression of
linear trends. Significance tests and internati@oahparison will help us to detect significant
divergence in the suicidal behavior of differentlbicohorts. The imputation of the APCD

model to 25 to 64 year old on the period 1970 t@52@etects suicidity bumps:
Data

We have reworked the suicide data coming from tleeldVTrade Mortality by causes

database WHO-mortality so that we retain for tHEseountries (aus aut can esp fin fra gbr




hun dnk ita deu nld nor nzl swe usa) the deathsladelevant populations at risk on 5 years
age groups and on 5 years period groups from 198@005-9 and for age groups 20-4 to

75-79. We consider first the data on the sole rpafmulation.

Cohort APCD coefficients of 16 countries (ISO codesf countries)
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25 to 64 year old on the period 1970 to 2005

Note: the coefficients are interpretable in terfproportion of suicides over or below the linemnids: In the
U.S., the cohort 1960 experienced almost a 10%&se (c=.088) of suicide above the linear treni tfrere
had been no cohort specificity in suicide rates).

The standard deviation of the (detrended) cohéetetoefficients (SDDCE) in the country is
a measure of the degree of “cohort contrasts’ icidel rates. On this cohort span, several
English speaking countries are on the top of th&irg of cohort fluctuations (the U.S. being
a relative exception, being in the lower tier af thistribution), with Netherlands and “Latin

Europe”, where cohort bumps have been intenseh®opposite of the ranking, Germany,

8 This “long-term generational progress” hypothesigues that we expect later cohorts to benefit frechnical,




Austria, countries of Nordic Europe are characestily flatter cohort trends. In these

countries a cohort analysis is not so relevant.

Cohort APCD coefficients standard deviation of 16 @auntries (ISO codes of countries)
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Note: the standard deviation of the APCD detrermtefficients is a measurement of the relevancebbrt
dynamics of suicide. In the U.S., we can expecaa8erage deviation of cohorts to the referencasan
where no cohort bumps were to be expected.

Anyway, intensity of cohort effects does not mearadility: it is well possible that such
effects do not hit all the age groups we analyzstrategy to detect the degree of stability of
cohort effects over life course is to divide thalgsis in two parts: one for the juniors and for

the seniors, of the same birth cohorts: we comibeerPCD coefficients for two populations:
* “juniors” The 25 to 44 year olds of periods 1970889

* “seniors” The 45 to 64 year olds of periods 199Q@069

economic and social progress that has taken pilateei past. Immanuel Kant (1784) was the firstridarline
this.

10




These two age x period span groups pertain toaime £ohort span of 1924 to 1964 birth
cohorts populations. The APCD models on the twaudns of “juniors” and then
“seniors” provide the possibility of comparing coheffects on younger and elder
populations. Thus, since we make use of the santieoth@ogy on the same cohorts but
different age groups, we expect that, if cohoreel§ merit their name, the correlation

between the different series is good. The realitgrdes somehow from that expectation.

Cohort APCD coefficients of 16 countries (ISO codesf countries)

for the junior (scattered lines) and senior (simpldines) age groups

at au ca de
(\!,
q—!,
S— W \<7'4 —
— |
&
dk es fi fr

MWM’W

-2.10.1.2
L

gb hu it nl

-2.10.1.2
L

no nz se us
C\!,
r!,
O*W vw W —_——"
]
&
! T T T T T T T T T T T T T T T T T T T T
1935 1940 1945 1950 19551935 1940 1945 1950 19551935 1940 1945 1950 19551935 1940 1945 1950 1955
coh
seniors juniors

® juniors

Graphs by iso2

juniors: 25 to 44 year olds of periods 1970 to 1989
seniors: The 45 to 64 year olds of periods 199%0@0
Note: In the U.S. the cohort bumps and fluctuatiaressimilar for the young and the old

In some countries, the shapes are well converging as Italy, the U.S., Great Britain, even
France, may be; in other countries, known for iséecohort effects based on the APC (or

also APC-IE or also HAPC-CCREM methodologies) sasiNew Zealand or Australia, the

11




two series for juniors and seniors diverge compteta other words, in some countries, we
observe normal cohort effects that are durable lifeecourse and in others some strong
cohort effects do not meet with criteria of stapilin reality the cohort bumps we detect via
the traditional tools are a mean effect, similaa fgermanent life-course average, and is not
necessarily pertaining to a true long term effébis long term stable durable nature is called
hysteresis, a notion imported from physics to dbedhe permanence of an effect potentially

well after the end of its initial cause.

In a more descriptive way, we can express whatave im mind when we speak of a real
cohort effect in a comparative context (provideat the have checked the standard deviation

of the cohort effects showed they are relevant):

1- The cohort effect structure must be stable ovee twith a correct R-square between

the junior and the senior series

2- The cohort effect intensity must be stable (thdfement of the linear regression of

the senior series by the junior series must be)high

Stability of the structure of the cohort effect (rsquare between the senior series and the
junior) on the X axis and stability of intensity ofthe cohort effect (linear coefficient of

the regression of the senior series by the junior)

12
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In this descriptive diagnosis we have several amichs: in the U.S. and in Italy, the cohort
effects are stable in structure (r2>.9) and unchdnyg intensity. In some countries (Denmark,
France, Netherlands, Great Britain), the structidithe cohort effects changes some but
increased in intensity: the logged gaps are smiaighe young than for the seniors. In
Germany, Canada, Hungary and Sweden, the cohertgfire well correlated but show a
certain decline in intensity over life course (slemahysteresis). The countries with the

initially highest detected cohort effects (AustaalNew Zealand and Spain) show no relevant
cohort structure: either the structure of the cobtiect is unstable or the effect vanishes over

life course.

The conclusion of this descriptive part is thatstendard APC-D models must be backed by
a test of the degree to which the detected efsgetslurable over life course. This is the

purpose of the APC-H hysteresis model.
From APCD to APCH: assessing hysteresis

The detection of a significantly non-zeiameans that the pertaining cohort effect can be
defined as a specific divergence of the cohortikaly to the trend averaged over (observed)

life course. However, this cohort effect can beesitstable or variable over life-span. This

13




aspect should thus be tested. The solution istth @“hysteresis” coefficient h in order to

make the difference between various configurations:

. “Hysteresis” defines the case of stability of cohort effectroage-span (this is

a real cohort effect).

. “Resilience” (or even “cohort inversion” (Hobcraft al. 1982)) means that the

cohort effect decreases in intensity or even vasisiver life-span.

. In a configuration of “cumulative (dis-) advantagdeke cohort effects might

increase over age-span.

In order to test the type of configuration, a soluts to introduce in the APCD model a
specific non-linear interaction, h-hysteresis, eswthe estimated cohort effect DCE and the
rescaled age (Rescale(i): from -1 for the youngergroup to +1 for the elder one). The h
coefficient will be 0 in case of linear stabilitythe cohort (“true” cohort effect)), +1 in case
of increase of the cohort effect from nil to a nmaxim over age span, and -1 in case of

complete vanishing of the cohort effect for theseldge group.

Because of the non-linear type of interaction imedl here, the estimation of the DCE
coefficient and of the h coefficient cannot be diameous. The strategy here is to build an
iterative process of estimation where at step @plternate a first substep,Jnwvith the
estimation of the hg) as an interaction between rescaled age and tiiig@) that had
been estimated in the previous step; and thenandesubstep @ where the DCE() is
estimated on the base of the estimate aof)rgnd the interaction between rescaled age and
DCE(rs-1). At step (1), h(d) is estimated with the results DCE)©f the initial APCD

model.

14




y*=a, +m, +p"? +H(rescalgg) * J"V) +a,rescaléa) + y,rescaléc) + B, + > B X +¢,
j
p=c+a
(nay (> a,=> m =0
a p

Slopg(a,) = Slopg(7,) =0
min(c) <c <maxg)

Yy =a, +m +y, + H ™ (rescal¢a) * p"2) +a rescalda) + y,rescaléc) + 3, + > B X+
j

p=c+a
(n,b) Za’a :Zn’p :Zyc =0
a p c

Slope (a,) = Slope, (77,) = Slopg (y,) =0
min(c) < ¢ < max(c)

This iterative process of estimation converges tdwa unique result of an appropriate final
DCE and of a final hysteresis coefficient h. Thensfard error of h and BIC differences of the

models are able to assess if APCD is better thgraA® if APCH is to be preferred to APCD.

Results of the models

A solution to the problem of stability assessmerthe APC-H model which delivers an h-
coefficient that gives a diagnosis in terms of #itgtincrease or decrease of the DCE cohort
effects. When h is negative and close to -1, thi&ajpeng cohort effects diminish and may
converge to nil over life course. We develop thizdel on the age x period span of age

groups 25-9 to 60-4 and period groups 1970-5 6520

A simple measure of the intensity of cohort flu¢toas is the standard deviation of the
(detrended) cohort effect coefficients (SDDCE), #mlh-coefficient of the APCH is a

measure of hysteresis.

The SDDCE (X axe) and h (Y axe)plot in 16 countries

15
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The SDDCE and h plot shows the difference betweemtties with weak cohort effects (left)
and stronger cohort effects (right). Below the Hase(notably New Zealand) are countries
where the cohort effects decline over life coufsgyway, the values of h for Norway and
Denmark are meaningless since these are countitieswaak cohort effects. On the base of
this graph, we can exclude from cohort analysestri®s such as New Zealand, Spain,
Australia, Norway, Canada, Sweden, and Denmarkusecthe cohorts effects are either
strongly declining over life course or too weakdermany, Finland and Austria, cohort
effects can be analyzed but are expectedly weakelt).S., Hungary, Italy, France,

Netherlands and Great Britain, the cohort effestsomth meaningful and stable.

If we go back to descriptive statistics, we canenatize the cohort effects, when they exist,

on the base of the residuals of the logarithméefsuicide rates after their regression by

16




categorical age and year groups by country. Thesiduals, when they are stable by cohort

groups, reveal true cohort effects. If not we a@rfg non stability in cohort effects.

Residuals of the logarithms of the suicide rates & their regression by categorical age

and year groups — U.S.

—&—— age30 —&— aged0
——— age50 age60

:
A
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We are thus able to show the difference in thecsire of countries with strong effective
cohort effects (The U.S., France, Italy and Ne#radt), and for countries where the
relevance of cohort analysis is less obvious (Neal@nhd, Norway, Denmark and Spain). In
this latest case, cohort effect is not completebievant, but it is perfectly flat for the age
group 40-44 year old even if it was particularlyosyg for the same cohorts in younger age

groups.
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Residuals of the logarithms of the suicide rates—.8., France, Italy and Netherlands
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New Zealand, Norway, Denmark and Spain

< <
—e—  age3o —®—  aged0 “||—e— age30 —&—  aged0
——  ages0 ——*—  age60 ——  ages0 —=—  age6d
a4 A
® ®
g g
2 2
2 2
8 8
e | e
& &
2 e
S 3
2 a
B o
< <
—— T T T T T —— T T T T T T
19001905 1910 1915 1920 1925 1930 1935 1940 1945 1950 1955 1960 1965 1970 1975 1980 1985 190019051910 19151920 1925 1930 1935 1940 1945 1950 1955 1960 1965 1970 1975 1980 1985
Data source: WHO Data source: WHO
< <
—e—  age3o —®&—  aged0 —e—  age30 —8—  aged0
—*—  ageso ——*——  ages0 —*—  ages0 = age6d
~d ~d
® ®
] S
3 s
2 2
3 8
g so ]
e 2
i =
] ]
S H
3 a
~ ~
< <
T T —— T T T T
19001905 1910 1915 1920 1925 1930 1935 1940 1945 1950 1955 1960 1965 1970 1975 1980 1985 190019051910 19151920 1925 1930 1935 1940 1945 1950 1955 1960 1965 1970 1975 1980 1985
B cohort B cohort
Data source: WHO Data source: WHO

18




Discussions

Cohort suicidity international comparison showselk&reme variability in shape and intensity
of the phenomenon over the last decades. It isimgily a question of intensity (of gaps
between tops and bottoms of the DCE), but of intlaert dynamics as well: in some
countries, the cohort effects are steady and der@@r life course (Italy) and in other
countries, we notice a strong decline in the intgrf the cohort effects (New Zealand). The
h coefficient in the APC-H is able to offer a diagis in terms of “true” cohort effects (when
h is close to 0) and of “apparent” or unsteady coefiects, that are declining over time
(when h is negative, and takes values close torHi¥. index offers a measurement of the
degree of relevance of APC methods. Some coungiies, as New Zealand, are in
appearance the object of very strong cohort effibetisvanish indeed over time, and the h
coefficient detects this instability. Conversebss intense cohort effects, such as in the U.S.,

appear as very stable over time.

Now that we dispose a tool able to detect robulsbrdceffects of cohorts in suicide and we
know the countries where the analysis is meaningfalcan try to correlate cohort effects to
the context when a cohort is 20 year old. An inseeaf cohort suicide rates in the cohorts that

faced economic slowdown at age 20 can be observed.
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